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Problem

We know that the size of the ride-pooling problem explodes. But: how?, when? and why?

Results Ride-pooling performance and Computational Complexity:

Ride-pooling is computationally challenging. The number of feasible rides grows with the number of travelers The greater complexity does not bring more efficiency - the performance hardly improves

and the degree (capacity of the vehicle to perform a pooled ride) and quickly explodes to the sizes making Experimental setting

the problem not solvable analytically.
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We run the EXMAS algorithm for the detailed network of Amsterdam.

Here, we explore it in more detail and provide an experimental underpinning to this open research problem. 08
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